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Abstract
Introduction
Multimorbidity is a complex and growing health challenge. There is no accepted “gold standard”
multimorbidity measure for hospital resource planning, and few studies have compared measures in
hospitalised patients.

Aim
To evaluate operationalisation of two multimorbidity measures in routine hospital episode data in
NHS Grampian, Scotland.

Methods
Linked hospital episode data (Scottish Morbidity Record (SMR)) for the years 2009-2016 were used.
Adults admitted to hospital as a general/acute inpatient during 2014 were included. Conditions
(ICD-10) were identified from general/acute (SMR01) and psychiatric (SMR04) admissions during
the five years prior to first admission in 2014. Two count-based multimorbidity measures were used
(Charlson Comorbidity Index and Tonelli et al.), and multimorbidity was defined as ≥2 conditions.
Kappa statistics assessed agreement. The association between multimorbidity and length of stay,
readmission and mortality was assessed using logistic and negative binomial regression as appropriate.

Results
In 41,545 adults (median age 62 years, 52.6% female), multimorbidity prevalence was 15.1% (95% CI
14.8%, 15.5%) using Charlson and 27.4% (27.0%, 27.8%) using Tonelli – agreement 85.1% (Kappa
0.57). Multimorbidity prevalence, using both measures, increased with age. Multimorbidity was
higher in males (16.5%) than females (13.9%) using the Charlson measure, but similar across genders
when measured with Tonelli. After adjusting for covariates, multimorbidity remained associated
with longer length of stay (Charlson IRR 1.1 (1.0, 1.2); Tonelli IRR 1.1 (1.0, 1.2)) and readmission
(Charlson OR 2.1 (1.9, 2.2); Tonelli OR 2.1 (2.0, 2.2)). Multimorbidity had a stronger association
with mortality when measured using Charlson (OR 2.7 (2.5, 2.9)), than using Tonelli (OR 1.8 (1.7,
2.0)).

Conclusions
Multimorbidity measures operationalised in hospital episode data identified those at risk of poor
outcomes and such operationalised tools will be useful for future multimorbidity research and use in
secondary care data systems. Multimorbidity measures are not interchangeable, and the choice of
measure should depend on the purpose.

Highlights

• Operationalisation of two count-based multimorbidity measures using linked electronic hospital
episode data was evaluated (Charlson and Tonelli).

• First study to compare the Tonelli measure with another measure for investigating multimor-
bidity in hospitalised patients.

• Multimorbidity prevalence differed depending on measure used, but both multimorbidity mea-
sures identified those at risk of poor outcomes.

• Operationalised multimorbidity tools have uses for future multimorbidity research and use in
secondary care data systems.

• Multimorbidity measures are not interchangeable, and choice of measure should depend on
purpose.
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Introduction

Multimorbidity is the coexistence of multiple conditions, usu-
ally defined as two or more, in the same individual[1]. Along-
side an ageing population, multimorbidity is a growing public
health concern and a key research priority at an international
policy level[2-5]. Multimorbidity is associated with poor health
outcomes, high health service utilisation, and high health care
costs[6-10].

In addition to the importance of multimorbid-
ity/comorbidity measures in risk adjustment to reduce con-
founding, operational multimorbidity measures/tools are vital
for several reasons. In hospitalised populations, estimates of
the prevalence of multimorbidity are necessary to assess the
impact of multimorbidity on resources. Multimorbidity tools
are needed to identify patients at risk of poor outcomes at
point of admission, thus enabling more effective care, dis-
charge planning and improved outcomes. Identifying individ-
uals with multimorbidity has been highlighted as important in
international goals, policy[2-4] and national guidelines[11].

The prevalence of multimorbidity in hospitalised patients
varies widely among studies (22% to 99.7%)[12-17]. Some
of this difference is likely to be due to different methods
used for measuring multimorbidity including how multimor-
bidity is defined, the number and type of conditions included,
data sources and coding schemes, population studied, and set-
ting[18]. Multimorbidity is complex to measure and currently
there is no universal “gold standard”[1]. Numerous heteroge-
neous measures exist[1,18-20], falling into two broad types.
First, weighted indices, of which the most commonly used is
the Charlson Comorbidity Index[21]. Second, and more com-
monly used in multimorbidity studies[19], simple counts of
conditions or diagnostic categories, which utilize a selected list
of conditions or diagnostic categories, or all conditions within
a population. More recently, a simple count of the Charlson
Comorbidity Index conditions has been used in multimorbid-
ity research[15,22,23]. A count-based multimorbidity measure
published in a “landmark” study by Barnett et al.[24], identi-
fied 40 chronic conditions for measuring multimorbidity in a
primary care population from clinical coding and prescribing
data, using data coding unique to the UK (Read codes). This
study has been widely cited and many studies have reported us-
ing this measure[25-28]. Subsequently, a corresponding coding
scheme for use with administrative data based on the Interna-
tional Classification of Diseases (ICD) system was developed
by Tonelli et al.[29].

Several studies have directly compared weighted multi-
morbidity measures or compared weighted with simple count
measures[30-36]. Studies have also directly compared sim-
ple count-based multimorbidity measures in primary care and
general populations, reporting prevalence, emergency admis-
sion, functional decline, and physical quality of life[22,37,38].
We are aware of only two studies, however, that have directly
compared any simple count-based measures in hospitalised pa-
tients[15,23]. Dattalo et al.[23] compared four count-based
measures based on ICD coding, but focussed on patients aged
65 years and older. Prevalence estimates varied depending
on measure, and there was an increased risk of 30-day read-
mission for patients with multimorbidity for each of the four
measures. Schneider et al.[15] compared three count-based
measures in a small study of medical inpatients aged 18 years

and over admitted from the emergency unit reporting that
prevalence estimates varied for the three measures. Although
multimorbidity measures have been extensively studied, rela-
tively little is known about count-based measures in general
hospitalised populations, particularly in younger patients. To
our knowledge, the Tonelli coding scheme has not been stud-
ied in a hospitalised population for assessing multimorbidity
prevalence or outcomes.

The aim of this study was to operationalise and apply two
count based measures of multimorbidity (Charlson[39] and
Tonelli[29]) to routine hospital episode data, in order to a)
compare prevalence; b) assess agreement, and c) compare the
association between multimorbidity and length of hospital stay,
hospital readmission and mortality.

Methods

Study design and setting

This study is reported as per RECORD guidelines[40]. This
was a population-based observational study using linked elec-
tronic health records carried out in a secondary care setting in
a single health region in the north-east of Scotland (Grampian
region, total population 2014, 584,220[41]). An overview of
the study design is shown in Figure 1.

Data sources

We used hospital episode data, Scottish Morbidity Record
(SMR)[42], from general/acute (SMR01) and psychiatric
(SMR04) admissions, from the years 2009-2016. SMR is an
episode-based patient record relating to all patients discharged
from hospital in Scotland. A record is generated when a pa-
tient completes an episode of care (period of time spent under
the care of one consultant). These episodes are then linked
to form a continuous inpatient stay (CIS) representing one
admission, which may include transfers between consultants,
specialties and/or hospitals. SMR data is collated in a national
database, managed by Information Services Division Scotland
(ISD)[43], and data is returned to each regional health au-
thority on an ongoing basis. Data collected include patient
identifiable and demographic details, episode management de-
tails, general clinical information and death data. Clinical in-
formation is recorded as main diagnosis and up to five other
significant diagnoses, and coded using ICD-10. Deprivation
information was collected from the Scottish Index of Multiple
Deprivation (SIMD)[44], and rurality from the Scottish Gov-
ernment Urban Rural Classification system[45].

Study population

We included all adult patients (≥18 years) admitted to hos-
pital as an inpatient during 2014 (SMR01 only), for a single
regional health authority (NHS Grampian). We excluded day
case, obstetric and psychiatric admissions when identifying the
index admission. A patient’s first admission in 2014 was clas-
sified as their “index admission”, and the admission date was
classified as their “index date”. The flow diagram for identify-
ing the study population is shown in Figure 2. From index date
in 2014, follow-up data were available to 31 October 2016.
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Multimorbidity

Multimorbidity was defined a priori as ≥2 conditions[1,11],
measured using an unweighted simple count of conditions.
Conditions were identified from general/acute (SMR01, in-
cluding day cases) and psychiatric (SMR04) admissions in the
five years prior to index date, recorded as either main or other
diagnosis. We compared two measures. The first was a count
of the 17 conditions included in the Charlson Comorbidity In-
dex, based on ICD-10 coding[39] (Charlson measure). The
second measure was a count of the 30 chronic conditions de-
veloped by Tonelli et al.[29], based on ICD-10 coding (Tonelli
measure). For each measure, multiple pre-specified ICD-10
codes were used to define each condition. Twelve conditions
were common to both the Charlson and Tonelli measures.
However, only dementia, rheumatic disease and metastatic
cancer had identical ICD-10 codes for both measures. While
the Charlson measure included hemiplegia or paraplegia and
AIDS, these conditions were not included in the Tonelli mea-
sure. The Tonelli measure on the other hand, included many
conditions not included in the Charlson measure: hyperten-
sion, alcohol misuse, atrial fibrillation and flutter, chronic pain,
depression, epilepsy, hypothyroidism, inflammatory bowel dis-
ease, irritable bowel syndrome, multiple sclerosis, Parkinson’s
disease, psoriasis, schizophrenia, and severe constipation. The
specific ICD-10 codes for conditions included in each measure
are detailed in Supplementary Appendix 1, with a note of mi-
nor amendments made to the Tonelli measure. These codes
were translated into computerised algorithms and applied to
SMR data to identify the conditions of interest. For data qual-
ity purposes, a validation dataset containing all ICD-10 codes
for main and other diagnoses recorded in the five years prior
to index date for a random sample of 50 patients was manu-
ally checked against the final dataset. This showed that the
computerized algorithms correctly captured conditions for all
patients in the sample.

Other covariates

Other baseline characteristics were sex, age, deprivation, ru-
rality, and admission type (routine or emergency). Age was
categorised into six age groups. Deprivation was measured
using SIMD quintiles[44], and rurality was measured using the
Scottish Government 6 fold Urban Rural Classification[45].

Outcomes

Study outcomes were multimorbidity prevalence, length of stay
of index admission, calculated as the number of days from ad-
mission date until discharge date of the whole CIS (discharged
alive or dead), hospital readmission (whole CIS, including gen-
eral/acute inpatient and day case admissions, excluding psy-
chiatric and obstetric admissions) up to one year from dis-
charge date and all-cause mortality up to one year from index
date.

Data linkage

NHS Grampian SMR data were held in a dedicated secure
server, managed by the accredited Grampian Data Safe Haven
(DaSH)[46]. The Community Health Index (CHI) number, a

unique patient identifier used throughout the Scottish health
care system, was used to link the study population to hospital
episode and death data, using deterministic matching. Post-
codes were used to link the study population to SIMD and
Urban Rural Classification. The de-identified dataset was pre-
pared and hosted by the Grampian DaSH[46], allowing secure
controlled access for researchers while ensuring data security.

There were 662 admissions in 2014 (inpatient gen-
eral/acute, ≥18 years) with missing CHI numbers, therefore
these were not included in our study population. There were
314 patients who could not be linked with SIMD, and 576 pa-
tients who could not be linked with Urban Rural Classification,
because of postcode issues (Figure 2). The characteristics of
patients with missing values are reported in Supplementary
Appendix 2.

Statistical analysis

Baseline characteristics were described as frequencies and per-
centages or as median and interquartile range (IQR). We cal-
culated the prevalence of multimorbidity, and 95% confidence
intervals (CI), as the proportion of patients with ≥2 condi-
tions. Prevalence was reported by age group, sex, admission
type (routine or emergency), SIMD quintile and Urban Rural
category. Agreement between the two measures for classify-
ing patients as multimorbid was assessed using the Kappa-
statistic, by sex and age group (<75/≥75 years). We cate-
gorised Kappa scores as follows: κ ≤ 0.20 = poor, 0.21 ≤ κ
≤ 0.40 = fair, 0.41 ≤ κ ≤0.60 = moderate, 0.61 ≤ κ ≤ 0.80
= substantial, κ > 0.80 = good. To assess the association
between variables, we used a χ2 test, Wilcoxon rank sum and
Kruskal-Wallis test as appropriate. A complete case analysis of
the association between multimorbidity and length of stay was
assessed using multivariate negative binomial regression to es-
timate unadjusted and adjusted incident rate ratios (IRR) with
95% CI. The association between multimorbidity and readmis-
sion within one year of discharge date and mortality within
one year of index date was assessed using multivariate logis-
tic regression to estimate unadjusted and adjusted odds ratios
(OR). All models were adjusted for age, sex, admission type,
SIMD quintile and Urban Rural category. To assess model fit
for mortality and readmission, we computed pseudo R2 (Cox &
Snell/Nagelkerke). For length of stay we computed the Akaike
information criterion (AIC) and the Bayesian information cri-
terion (BIC). Analyses were performed using Stata v13.0 and
SPSS v24.

Ethical approval

The study was approved by the North of Scotland Research
Ethics Service (REC B Ref. 16/NI/0088), NHS Grampian
Research and Development (Ref. 2016UA006) and NHS
Grampian Caldicott Guardian.

Results

Baseline characteristics

There were 41,545 patients included with a median age of 62
years (IQR 44-75 years) and 52.6% were female (Table 1). The
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majority of patients were admitted as an emergency (69.3%).
Just over half of patients were from the two least deprived
quintiles (52.4%), and urban categories (52.7%); comparable
with the population distribution in the Grampian region. Ap-
proximately two-thirds (64.5%) of patients had been admitted
to hospital at least once in the five years prior to index date.

Prevalence of individual conditions

Of the individual conditions recorded in the five years prior
to index admission that contributed to the Charlson measure,
those with the highest prevalence were chronic pulmonary dis-
ease (11.3%), diabetes without complications (7.5%), malig-
nancy (6.9%), renal disease (6.1%) and myocardial infarction
(5.6%). The individual conditions with the highest prevalence
from the Tonelli measure were hypertension (19.0%), diabetes
(8.4%), chronic kidney disease (8.2%), asthma (6.7%) and
atrial fibrillation and flutter (6.1%) (Supplementary Appendix
1).

Prevalence of multimorbidity

Counts of conditions ranged from 0-7 for Charlson and 0-11
for Tonelli (Table 1). Sixty-six percent of the population had
0 conditions using Charlson, compared to 55.1% when using
Tonelli (Table 1). The proportion of patients with multimor-
bidity (≥2 conditions) for each measure is presented in Table
1. Overall, the prevalence of multimorbidity was lower when
measured using Charlson compared to Tonelli (overall 15.1%
vs 27.4% respectively).

The proportion of patients with multimorbidity increased
with age (Table 1). Figure 3 shows the prevalence of mul-
timorbidity by gender, for different age groups. At younger
ages (<60 years), females had similar or very slightly higher
prevalence of multimorbidity than males using both measures,
whereas at older ages (≥60 years), this seemed to reverse and
males had a slightly higher prevalence of multimorbidity than
females. However, overall, the prevalence of multimorbidity
was higher in males than females when measured using Charl-
son (16.5% and 13.9% respectively; p<0.001), but similar for
males and females when measured using Tonelli (27.1% and
27.7% respectively) (Table 1).

Agreement between multimorbidity measures
in classifying patients as multimorbid

Overall, 85.1% of the study population was consistently
classified by Charlson and Tonelli as either multimorbid or
not, showing moderate agreement between the two measures
(Kappa 0.57) (Table 2). Agreement was slightly higher for
males (agreement 86.1%, Kappa 0.60) compared to females
(agreement 84.3%, Kappa 0.54). Agreement was higher for
patients <75 years (agreement 87.8%, Kappa 0.54) compared
to ≥75 years (agreement 77.9%, Kappa 0.54).

Outcomes

All patients had been discharged (alive or dead) by the end
of follow-up (31 October 2016). The overall median length
of stay was 2 days (IQR 1-6). Length of stay was longer for

patients with multimorbidity compared to those with <2 con-
ditions (Charlson adjusted IRR 1.1 (95% CI 1.0, 1.2); Tonelli
adjusted IRR 1.1 (95% CI 1.0, 1.2)) (Table 3).

A total of 18,318 patients (45.6% of patients discharged
alive) were readmitted at least once within one year of dis-
charge date. Patients with multimorbidity had a higher risk of
readmission compared to those with <2 conditions (Charlson
adjusted OR 2.1 (95% CI 1.9, 2.2); Tonelli adjusted OR 2.1
(95% CI 2.0, 2.2) (Table 3).

A total of 4,619 (11.1%) patients died within one year of
index date. Of these 1,403 died during index admission and
3,216 died following index admission but within one year of
index date. Patients with multimorbidity had a higher risk of
death compared to those with <2 conditions (Charlson ad-
justed OR 2.7 (95% CI 2.5, 2.9); Tonelli adjusted OR (95%
CI 1.8 (1.7, 2.0)) (Table 3).

Discussion

In our study of hospital patients, we found that the prevalence
of multimorbidity was higher when measured using Tonelli,
compared with Charlson. Both measures found that multimor-
bidity increased with age, but there were differences between
the measures for gender, with a higher prevalence of multi-
morbidity in males than females using Charlson, but similar for
males and females when using Tonelli. There was moderate
agreement between the two measures in classifying patients
as multimorbid or not, with more agreement evident in males
and younger patients. Multimorbidity, measured using both
Tonelli and Charlson, was associated with an increased risk
of longer length of stay, readmission and mortality. To our
knowledge, this is the first study to compare the Tonelli mea-
sure with another multimorbidity measure, in a hospitalised
adult population.

We found moderate agreement between Tonelli and Charl-
son when classifying patients as multimorbid, and that the
overall prevalence of multimorbidity was higher when mea-
sured using Tonelli (27.4%) compared to Charlson (15.1%).
Our finding of a higher prevalence using Tonelli, which in-
cludes a larger number of conditions than Charlson, was not
unexpected, and is consistent with other studies in primary
care[18,22,37,38] and hospitalised patients[15].

Although several studies have compared weighted
measures[33-36], to our knowledge only two previous studies
compared count-based multimorbidity measures in hospitalised
patients[15,23]. Neither of these studies used the Tonelli mea-
sure (based on the landmark Barnett study[24]), although both
included a count of Charlson conditions. Dattalo et al.[23]
compared four count-based measures in patients aged 65 and
older, based on ICD coding. Comparing Charlson to the other
three measures, they reported Kappa values of 0.07, 0.36 and
0.44 – lower agreement than we found when comparing Charl-
son with Tonelli (Kappa 0.57). They also reported a wide
variation in the prevalence of multimorbidity between measures
(18.6% to 92.9%). Prevalence did not seem to increase with
the number of conditions included, but there were method-
ological differences in how the measures were operationalised
which may explain this. Using the Charlson measure, Dat-
talo et al.[23] reported a multimorbidity prevalence of 36.8%,
which was higher than we found in patients of a similar age

4



Robertson, L et. al. / International Journal of Population Data Science (2019) 4:1:02

(≥60 years, 23.8%). However, we used only inpatient admis-
sion data, whereas Dattalo et al.[23] included inpatient and
outpatient data to identify Charlson conditions[23]. The other
study by Schneider et al.[15] compared three count-based mea-
sures, reporting a multimorbidity prevalence of 48.2% for the
Charlson measure, considerably higher than we have reported.
However, this was a small study of medical inpatients admit-
ted from the emergency unit, which may represent a patient
population with a high severity of illness[15].

We found that the prevalence of multimorbidity increased
with age, for both measures, which is a well-recognised asso-
ciation. Although multimorbidity increased with age, we still
found substantial multimorbidity in younger age groups, par-
ticularly using Tonelli, as shown in Table 1. The prevalence of
multimorbidity was higher in males than females when mea-
sured using Charlson, but similar for males and females when
using Tonelli. This finding is not consistent with previous re-
ports in primary care populations, where multimorbidity is gen-
erally more common in females[6,12,24]. Studies reporting the
prevalence of multimorbidity by gender in hospitalised popu-
lations are limited, and report conflicting results[14,16,47,48].
We also noted some evidence of a different pattern of multi-
morbidity between males and females at different age groups.
Any age and sex differences are likely to be a reflection of the
specific conditions included in the two measures. The majority
of conditions included in the Charlson measure may be more
prevalent in older individuals and males, whereas the Tonelli
measure includes conditions that may be more common in
younger individuals (for example, asthma, epilepsy, psoriasis),
and females (for example, chronic pain, depression, hypothy-
roidism).

Multimorbidity, measured using both Charlson and Tonelli,
was associated with an increased risk of longer length of stay,
readmission, and mortality. Length of stay and readmission
risk was similar for both measures. There was a stronger asso-
ciation between multimorbidity and mortality when measured
using Charlson, compared with Tonelli, but the model fit was
similar. This finding was not unexpected given that Charl-
son was developed to predict mortality[21], and includes many
drivers of all-cause mortality, whereas there were more in num-
ber but relatively less mortal conditions included in Tonelli.
Dattalo et al.[23] reported an increased risk of 30-day read-
mission for patients aged 65 and older with multimorbidity,
for each of the four measures they assessed, reporting ORs
ranging from 1.1 to 1.5, and that Charlson and Medicare Ad-
vantage Chronic Condition Special Needs Plan were the best
predictors of 30-day readmission.

This was a large, population-based study, not limited to
an age or patient group. We ascertained conditions over
the five years prior to index date, as longer lookback peri-
ods have been shown to be better at identifying patients with
chronic conditions[49-51]. We used high quality administrative
data[52], and undertook quality assurance assessments to en-
sure accuracy of coding algorithms. We used two high profile
measures: Tonelli et al.[29], based on the landmark Barnett et
al. study[24], as well as the widely used Charlson measure[39].
Furthermore, to our knowledge, this is the first study to use
the Tonelli measure for investigating multimorbidity in hos-
pitalised patients, and first to compare Tonelli with another
measure.

Limitations, however, should be recognised. Conditions

were identified from hospital episode data in the five years
prior to admission in 2014, and 35.5% of our population had
no admission in the previous five years. As a result, we will
not have recorded conditions for patients who were first time
presenters, and will have underestimated the multimorbidity
burden in our population, especially for conditions that do not
lead to hospitalisation or which are not a priority for record-
ing on discharge records. This situation is likely to have more
effect on the Tonelli conditions than the Charlson conditions.
However, as hospital episode data may be the only information
available to clinicians when a patient is admitted, we feel that
using this methodology is relevant and important to examine.
This also highlights the importance of an integrated primary
and secondary care patient record, which would provide more
information to clinicians and a fuller picture of multimorbidity.
We could not explore differences in multimorbidity by ethnicity,
as the Grampian population is ethnically homogeneous with
only ∼4% of the population non-White ethnic minorities[53].
We have used simple counts of conditions and as such have
applied uniform weights to all conditions and therefore take
no account of severity of illness. Weighted measures should
be used where they are validated for a particular outcome of
interest. However, where there are multiple outcomes being
considered in a study, the use of disease counts is more appro-
priate[19,24,54]. Thus, the approach in our study is reasonable
but we also acknowledge that our conclusions are only valid in
the context of using simple count-based measures. Finally, we
compared only two measures of multimorbidity, acknowledg-
ing that many measures exist. Both measures were selected
on the basis of their high profile nature. Charlson was included
as it is a widely adopted validated measure[19]. Tonelli was
included as it was an adaptation of the landmark study by
Barnett et al.[24] Tonelli addressed the requirement for ICD
coding algorithms for the Barnett conditions.

It should also be highlighted, that the study by Tonelli et
al.[29] did not identify appropriate algorithms for all 40 con-
ditions included in the Barnett et al.[24] measure. There were
also some differences in the specific conditions included in the
measure (Supplementary Appendix 3). In order to fully imple-
ment the Barnett measure, ICD coding algorithms for all the
conditions would be valuable.

The methodology used in our study with regard to either
measure of multimorbidity would be applicable to health sys-
tems worldwide that use the ICD-10 coding system. The find-
ings for the prevalence and outcomes of multimorbidity would
likely apply to other hospitalised populations with similar char-
acteristics to our study population.

Information on the prevalence and outcomes of multimor-
bidity in hospitalised patients is essential for service planning,
clinical decision-making and clinical research. At point of ad-
mission, assessment may benefit from the inclusion of a multi-
morbidity tool to identify high risk patients, and to plan patient
care. Our findings have implications for the choice of measure.
For investigating the burden of multimorbidity, it may be more
useful to use a more comprehensive measure which includes a
large number of conditions, such as Barnett et al.[24] or Tonelli
et al.[29], facilitating comparison with other studies using sim-
ilar measures. For identifying high risk patients, it makes little
difference which measure is used, at least for the outcomes
investigated in our study. Charlson, however, is less data in-
tensive and more strongly associated with mortality. We have
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demonstrated the potential of linking electronic health records
to identify hospitalised patients at risk of worse outcomes for
assessment and targeted intervention. An integrated primary
and secondary care patient record would provide more infor-
mation to clinicians at point of admission.

Conclusion

Multimorbidity measures operationalised in electronic hospital
episode data identified those at risk of poor outcomes and such
operationalised tools will be useful for future multimorbidity
research and use in secondary care data systems, for example
to assess multimorbidity at point of admission in order to in-
form patient management and ongoing care. Multimorbidity
measures are not interchangeable, and choice of measure will
depend on purpose.

Acknowledgements

This work was funded by NHS Grampian. We thank NHS
Grampian who provided data and also the Grampian Data Safe
Haven, who hosted the data and provided data management
support and the linkage service. We acknowledge the sup-
port from The Farr Institute of Health Informatics Research,
Scotland. The Farr Institute is supported by a 10-funder con-
sortium: Arthritis Research UK, the British Heart Foundation,
Cancer Research UK, the Economic and Social Research Coun-
cil, the Engineering and Physical Sciences Research Council,
the Medical Research Council, the National Institute of Health
Research, the National Institute for Social Care and Health Re-
search (Welsh Assembly Government), the Chief Scientist Of-
fice (Scottish Government Health Directorates), the Wellcome
Trust, (MRC Grant Nos: Scotland MR/K007017/1). We also
acknowledge the support of our Study Steering Committee,
which included clinical, epidemiological and health intelligence
representation.

Statement on conflicts of Interest

The authors declare that they have no conflicts of interest.

Funding

The study was funded by NHS Grampian, Public Health Di-
rectorate.

Supplementary Appendices

Supplementary Appendix 1. Coding definitions (ICD-10) for
conditions included in Charlson and Tonelli measures.

Supplementary Appendix 2. Characteristics of patients with
missing CHI numbers, SIMD quintile or UR category.

Supplementary Appendix 3. Tonelli et al. measure observa-
tions.

Data sharing statement

De-identified data used for this study are held by Grampian
Data Safe Haven. These data are available provided the nec-
essary permissions have been obtained. Further information is
available at http://www.abdn.ac.uk/iahs/facilities/
grampian-data-safe-haven.php and requests for data may
be made to Professor Corri Black on behalf of Grampian Data
Safe Haven, corri.black@abdn.ac.uk.

References

1. Diederichs C, Berger K, Bartels DB. The measurement
of multiple chronic diseases - a systematic review on
existing multimorbidity indices. J Gerontol A Biol Sci
Med Sci 2011 Mar;66(3):301-311. https://doi.org/
10.1093/gerona/glq208

2. World Health Organization. Global Status Re-
port on noncommunicable diseases 2014. Avail-
able at: http://www.who.int/nmh/publications/
ncd-status-report-2014/en/. Accessed February,
2018.

3. World Health Organization. Multimorbidity. Tech-
nical Series on Safer Primary Care 2016. Available
at: http://www.who.int/patientsafety/topics/
primary-care/technical_series/en/. Accessed
February, 2018.

4. World Health Organization. World report on ageing
and health 2015. Available at: http://www.who.int/
ageing/events/world-report-2015-launch/en/.
Accessed January, 2018.

5. The Academy of Medical Sciences. Multimorbidity: a
priority for global health research. Available at: https:
//acmedsci.ac.uk/policy/policy-projects/
multimorbidity. Accessed May, 2018.

6. Marengoni A, Angleman S, Melis R, Mangialasche F,
Karp A, Garmen A, et al. Aging with multimorbid-
ity: a systematic review of the literature. Ageing Res
Rev 2011 Sep;10(4):430-439. https://doi.org/10.
1016/j.arr.2011.03.003

7. Nunes BP, Flores TR, Mielke GI, Thume E, Facchini
LA. Multimorbidity and mortality in older adults: A sys-
tematic review and meta-analysis. Arch Gerontol Geri-
atr 2016 Nov-Dec;67:130-138. https://doi.org/10.
1016/j.archger.2016.07.008

8. Ryan A, Wallace E, O’Hara P, Smith SM. Multimorbid-
ity and functional decline in community-dwelling adults:
a systematic review. Health Qual Life Outcomes 2015
Oct 15;13:168-015-0355-9.

9. Palladino R, Tayu Lee J, Ashworth M, Triassi M, Mil-
lett C. Associations between multimorbidity, healthcare
utilisation and health status: evidence from 16 Euro-
pean countries. Age Ageing 2016 May;45(3):431-435.
https://doi.org/10.1093/ageing/afw044

6

https://ijpds.org/article/view/461/1025
https://ijpds.org/article/view/461/1026
https://ijpds.org/article/view/461/1027
http://www.abdn.ac.uk/iahs/facilities/grampian-data-safe-haven.php
http://www.abdn.ac.uk/iahs/facilities/grampian-data-safe-haven.php
corri.black@abdn.ac.uk
https://doi.org/10.1093/gerona/glq208
https://doi.org/10.1093/gerona/glq208
http://www.who.int/nmh/publications/ncd-status-report-2014/en/
http://www.who.int/nmh/publications/ncd-status-report-2014/en/
http://www.who.int/patientsafety/topics/primary-care/technical_series/en/
http://www.who.int/patientsafety/topics/primary-care/technical_series/en/
http://www.who.int/ageing/events/world-report-2015-launch/en/
http://www.who.int/ageing/events/world-report-2015-launch/en/
https://acmedsci.ac.uk/policy/policy-projects/multimorbidity
https://acmedsci.ac.uk/policy/policy-projects/multimorbidity
https://acmedsci.ac.uk/policy/policy-projects/multimorbidity
https://doi.org/10.1016/j.arr.2011.03.003
https://doi.org/10.1016/j.arr.2011.03.003
https://doi.org/10.1016/j.archger.2016.07.008
https://doi.org/10.1016/j.archger.2016.07.008
https://doi.org/10.1093/ageing/afw044


Robertson, L et. al. / International Journal of Population Data Science (2019) 4:1:02

10. McPhail SM. Multimorbidity in chronic disease: impact
on health care resources and costs. Risk Manag Healthc
Policy 2016 Jul 5;9:143-156. https://doi.org/10.
2147/RMHP.S97248

11. National Institute for Health and Care Excellence. Multi-
morbidity: clinical assessment and management. NICE
guideline [NG56]. Available at: https://www.nice.
org.uk/guidance/ng56. Accessed May, 2018.

12. Violan C, Foguet-Boreu Q, Flores-Mateo G, Salisbury
C, Blom J, Freitag M, et al. Prevalence, determi-
nants and patterns of multimorbidity in primary care:
a systematic review of observational studies. PLoS
One 2014 Jul 21;9(7):e102149. https://doi.org/10.
1371/journal.pone.0102149

13. Clerencia-Sierra M, Calderon-Larranaga A, Martinez-
Velilla N, Vergara-Mitxeltorena I, Aldaz-Herce P,
Poblador-Plou B, et al. Multimorbidity Patterns in Hos-
pitalized Older Patients: Associations among Chronic
Diseases and Geriatric Syndromes. PLoS One 2015
Jul 24;10(7):e0132909. https://doi.org/10.1371/
journal.pone.0132909

14. Ruiz M, Bottle A, Long S, Aylin P. Multi-Morbidity
in Hospitalised Older Patients: Who Are the Com-
plex Elderly? PLoS One 2015 Dec 30;10(12):e0145372.
https://doi.org/10.1371/journal.pone.0145372

15. Schneider F, Kaplan V, Rodak R, Battegay E, Holzer
B. Prevalence of multimorbidity in medical inpatients.
Swiss Med Wkly 2012 Mar 9;142:w13533. https:
//doi.org/10.4414/smw.2012.13533

16. Steiner CA, Friedman B. Hospital utilization, costs, and
mortality for adults with multiple chronic conditions, Na-
tionwide Inpatient Sample, 2009. Prev Chronic Dis 2013
Apr 25;10:E62. https://doi.org/10.5888/pcd10.
120292

17. Schram MT, Frijters D, van de Lisdonk EH, Ploemacher
J, de Craen AJ, de Waal MW, et al. Setting and reg-
istry characteristics affect the prevalence and nature of
multimorbidity in the elderly. J Clin Epidemiol 2008
Nov;61(11):1104-1112. https://doi.org/10.1016/
j.jclinepi.2007.11.021

18. Fortin M, Stewart M, Poitras ME, Almirall J, Mad-
docks H. A systematic review of prevalence studies on
multimorbidity: toward a more uniform methodology.
Ann Fam Med 2012 Mar-Apr;10(2):142-151. https:
//doi.org/10.1370/afm.1337

19. Huntley AL, Johnson R, Purdy S, Valderas JM, Salis-
bury C. Measures of multimorbidity and morbidity bur-
den for use in primary care and community settings: a
systematic review and guide. Ann Fam Med 2012 Mar-
Apr;10(2):134-141. https://doi.org/10.1370/afm.
1363

20. Yurkovich M, Avina-Zubieta JA, Thomas J, Gorenchtein
M, Lacaille D. A systematic review identifies valid co-
morbidity indices derived from administrative health

data. J Clin Epidemiol 2015 Jan;68(1):3-14. https:
//doi.org/10.1016/j.jclinepi.2014.09.010

21. Charlson ME, Pompei P, Ales KL, MacKenzie CR. A new
method of classifying prognostic comorbidity in longitu-
dinal studies: development and validation. J Chronic
Dis 1987;40(5):373-383. https://doi.org/10.1016/
0021-9681(87)90171-8

22. Wallace E, McDowell R, Bennett K, Fahey T, Smith
SM. Comparison of count-based multimorbidity mea-
sures in predicting emergency admission and func-
tional decline in older community-dwelling adults: a
prospective cohort study. BMJ Open 2016 Sep
20;6(9):e013089-2016-013089. https://doi.org/10.
1136/bmjopen-2016-013089

23. Dattalo M, DuGoff E, Ronk K, Kennelty K, Gilmore-
Bykovskyi A, Kind AJ. Apples and Oranges: Four Def-
initions of Multiple Chronic Conditions and their Rela-
tionship to 30-Day Hospital Readmission. J Am Geriatr
Soc 2017 Apr;65(4):712-720. https://doi.org/10.
1111/jgs.14539

24. Barnett K, Mercer SW, Norbury M, Watt G, Wyke
S, Guthrie B. Epidemiology of multimorbidity and
implications for health care, research, and medical
education: a cross-sectional study. Lancet 2012
Jul 7;380(9836):37-43. https://doi.org/10.1016/
S0140-6736(12)60240-2

25. Payne RA, Abel GA, Guthrie B, Mercer SW. The ef-
fect of physical multimorbidity, mental health conditions
and socioeconomic deprivation on unplanned admissions
to hospital: a retrospective cohort study. CMAJ 2013
Mar 19;185(5):E221-8. https://doi.org/10.1503/
cmaj.121349

26. McLean G, Gunn J, Wyke S, Guthrie B, Watt GC,
Blane DN, et al. The influence of socioeconomic de-
privation on multimorbidity at different ages: a cross-
sectional study. Br J Gen Pract 2014 Jul;64(624):e440-
7. https://doi.org/10.3399/bjgp14X680545

27. Agur K, McLean G, Hunt K, Guthrie B, Mercer SW. How
Does Sex Influence Multimorbidity? Secondary Analy-
sis of a Large Nationally Representative Dataset. Int
J Environ Res Public Health 2016 Mar 31;13(4):391.
https://doi.org/10.3390/ijerph13040391

28. Katikireddi SV, Skivington K, Leyland AH, Hunt K,
Mercer SW. The contribution of risk factors to socioe-
conomic inequalities in multimorbidity across the life-
course: a longitudinal analysis of the Twenty-07 co-
hort. BMC Med 2017 Aug 24;15(1):152-017-0913-6.
https://doi.org/10.1186/s12916-017-0913-6

29. Tonelli M, Wiebe N, Fortin M, Guthrie B, Hemmelgarn
BR, James MT, et al. Methods for identifying 30 chronic
conditions: application to administrative data. BMC
Med Inform Decis Mak 2015 Apr 17;15:31-015-0155-5.
https://doi.org/10.1186/s12911-015-0155-5

7

https://doi.org/10.2147/RMHP.S97248
https://doi.org/10.2147/RMHP.S97248
https://www.nice.org.uk/guidance/ng56
https://www.nice.org.uk/guidance/ng56
https://doi.org/10.1371/journal.pone.0102149
https://doi.org/10.1371/journal.pone.0102149
https://doi.org/10.1371/journal.pone.0132909
https://doi.org/10.1371/journal.pone.0132909
https://doi.org/10.1371/journal.pone.0145372
https://doi.org/10.4414/smw.2012.13533
https://doi.org/10.4414/smw.2012.13533
https://doi.org/10.5888/pcd10.120292
https://doi.org/10.5888/pcd10.120292
https://doi.org/10.1016/j.jclinepi.2007.11.021
https://doi.org/10.1016/j.jclinepi.2007.11.021
https://doi.org/10.1370/afm.1337
https://doi.org/10.1370/afm.1337
https://doi.org/10.1370/afm.1363
https://doi.org/10.1370/afm.1363
https://doi.org/10.1016/j.jclinepi.2014.09.010
https://doi.org/10.1016/j.jclinepi.2014.09.010
https://doi.org/10.1016/0021-9681(87)90171-8
https://doi.org/10.1016/0021-9681(87)90171-8
https://doi.org/10.1136/bmjopen-2016-013089
https://doi.org/10.1136/bmjopen-2016-013089
https://doi.org/10.1111/jgs.14539
https://doi.org/10.1111/jgs.14539
https://doi.org/10.1016/S0140-6736(12)60240-2
https://doi.org/10.1016/S0140-6736(12)60240-2
https://doi.org/10.1503/cmaj.121349
https://doi.org/10.1503/cmaj.121349
https://doi.org/10.3399/bjgp14X680545
https://doi.org/10.3390/ijerph13040391
https://doi.org/10.1186/s12916-017-0913-6
https://doi.org/10.1186/s12911-015-0155-5


Robertson, L et. al. / International Journal of Population Data Science (2019) 4:1:02

30. Brilleman SL, Salisbury C. Comparing measures of mul-
timorbidity to predict outcomes in primary care: a cross
sectional study. Fam Pract 2013 Apr;30(2):172-178.
https://doi.org/10.1093/fampra/cms060

31. Boeckxstaens P, Vaes B, Van Pottelbergh G, De Sut-
ter A, Legrand D, Adriaensen W, et al. Multimorbid-
ity measures were poor predictors of adverse events in
patients aged ≥80 years: a prospective cohort study. J
Clin Epidemiol 2015 Feb;68(2):220-227. https://doi.
org/10.1016/j.jclinepi.2014.08.010

32. Boeckxstaens P, Vaes B, Legrand D, Dalleur O, De
Sutter A, Degryse JM. The relationship of multimor-
bidity with disability and frailty in the oldest patients:
a cross-sectional analysis of three measures of multi-
morbidity in the BELFRAIL cohort. Eur J Gen Pract
2015 Mar;21(1):39-44. https://doi.org/10.3109/
13814788.2014.914167

33. Bottle A, Aylin P. Comorbidity scores for adminis-
trative data benefited from adaptation to local cod-
ing and diagnostic practices. J Clin Epidemiol 2011
Dec;64(12):1426-1433. https://doi.org/10.1016/
j.jclinepi.2011.04.004

34. Harse JD, Holman CD. Charlson’s Index was a poor pre-
dictor of quality of life outcomes in a study of patients
following joint replacement surgery. J Clin Epidemiol
2005 Nov;58(11):1142-1149. https://doi.org/10.
1016/j.jclinepi.2005.02.017

35. Zekry D, Loures Valle BH, Graf C, Michel JP, Gold G,
Krause KH, et al. Prospective comparison of 6 co-
morbidity indices as predictors of 1-year post-hospital
discharge institutionalization, readmission, and mortal-
ity in elderly individuals. J Am Med Dir Assoc 2012
Mar;13(3):272-278. https://doi.org/10.1016/j.
jamda.2010.11.011

36. Holman CD, Preen DB, Baynham NJ, Finn JC, Sem-
mens JB. A multipurpose comorbidity scoring system
performed better than the Charlson index. J Clin
Epidemiol 2005 Oct;58(10):1006-1014. https://doi.
org/10.1016/j.jclinepi.2005.01.020

37. Harrison C, Britt H, Miller G, Henderson J. Ex-
amining different measures of multimorbidity, us-
ing a large prospective cross-sectional study in Aus-
tralian general practice. BMJ Open 2014 Jul
11;4(7):e004694-2013-004694. https://doi.org/10.
1136/bmjopen-2013-004694

38. Ramond-Roquin A, Haggerty J, Lambert M, Almirall
J, Fortin M. Different Multimorbidity Measures Re-
sult in Varying Estimated Levels of Physical Quality
of Life in Individuals with Multimorbidity: A Cross-
Sectional Study in the General Population. Biomed Res
Int 2016;2016:7845438. https://doi.org/10.1155/
2016/7845438

39. Quan H, Sundararajan V, Halfon P, Fong A, Burnand
B, Luthi JC, et al. Coding algorithms for defining
comorbidities in ICD-9-CM and ICD-10 administrative

data. Med Care 2005 Nov;43(11):1130-1139. https:
//doi.org/10.1097/01.mlr.0000182534.19832.83

40. Benchimol EI, Smeeth L, Guttmann A, Harron K, Mo-
her D, Petersen I, et al. The REporting of stud-
ies Conducted using Observational Routinely-collected
health Data (RECORD) statement. PLoS Med 2015
Oct 6;12(10):e1001885. https://doi.org/10.1371/
journal.pmed.1001885

41. National Records of Scotland. Estimated pop-
ulation by sex, single year of age and adminis-
trative area, mid-2014. Available at: https://
www.nrscotland.gov.uk/statistics-and-data/
statistics/statistics-by-theme/population/
population-estimates/mid-year-population-estimates/
mid-2015-and-corrected-mid-2012-to-mid-2014/
mid-2012-mid-2013-and-mid-2014-corrected-tables.
Accessed May, 2018.

42. Information Services Division Scotland. SMR
Datasets. Available at: http://www.ndc.scot.nhs.
uk/Data-Dictionary/SMR-Datasets/. Accessed
March, 2018.

43. Information Services Division Scotland. About ISD.
Available at: http://www.isdscotland.org/. Ac-
cessed February, 2018.

44. Scottish Government. The Scottish Index of Multi-
ple Deprivation. Available at: http://www.gov.scot/
Topics/Statistics/SIMD. Accessed June, 2017.

45. Scottish Government. Scottish Government Urban Ru-
ral Classification. Available at: http://www.gov.
scot/Topics/Statistics/About/Methodology/
UrbanRuralClassification. Accessed June, 2017.

46. University of Aberdeen. Grampian Data Safe
Haven. Available at: http://www.abdn.ac.uk/iahs/
facilities/grampian-data-safe-haven.php. Ac-
cessed March, 2016.

47. Friedman B, Jiang HJ, Elixhauser A, Segal A. Hospi-
tal inpatient costs for adults with multiple chronic con-
ditions. Med Care Res Rev 2006 Jun;63(3):327-346.
https://doi.org/10.1177/1077558706287042

48. Hewitt J, McCormack C, Tay HS, Greig M, Law J, Tay
A, et al. Prevalence of multimorbidity and its associa-
tion with outcomes in older emergency general surgical
patients: an observational study. BMJ Open 2016 Mar
31;6(3):e010126-2015-010126. https://doi.org/10.
1136/bmjopen-2015-010126

49. Sarfati D, Hill S, Purdie G, Dennett E, Blakely T. How
well does routine hospitalisation data capture informa-
tion on comorbidity in New Zealand? N Z Med J 2010
Mar 5;123(1310):50-61.

50. Preen DB, Holman CD, Spilsbury K, Semmens JB,
Brameld KJ. Length of comorbidity lookback pe-
riod affected regression model performance of ad-
ministrative health data. J Clin Epidemiol 2006
Sep;59(9):940-946. https://doi.org/10.1016/j.
jclinepi.2005.12.013

8

https://doi.org/10.1093/fampra/cms060
https://doi.org/10.1016/j.jclinepi.2014.08.010
https://doi.org/10.1016/j.jclinepi.2014.08.010
https://doi.org/10.3109/13814788.2014.914167
https://doi.org/10.3109/13814788.2014.914167
https://doi.org/10.1016/j.jclinepi.2011.04.004
https://doi.org/10.1016/j.jclinepi.2011.04.004
https://doi.org/10.1016/j.jclinepi.2005.02.017
https://doi.org/10.1016/j.jclinepi.2005.02.017
https://doi.org/10.1016/j.jamda.2010.11.011
https://doi.org/10.1016/j.jamda.2010.11.011
https://doi.org/10.1016/j.jclinepi.2005.01.020
https://doi.org/10.1016/j.jclinepi.2005.01.020
https://doi.org/10.1136/bmjopen-2013-004694
https://doi.org/10.1136/bmjopen-2013-004694
https://doi.org/10.1155/2016/7845438
https://doi.org/10.1155/2016/7845438
https://doi.org/10.1097/01.mlr.0000182534.19832.83
https://doi.org/10.1097/01.mlr.0000182534.19832.83
https://doi.org/10.1371/journal.pmed.1001885
https://doi.org/10.1371/journal.pmed.1001885
https://www.nrscotland.gov.uk/statistics-and-data/statistics/statistics-by-theme/population/population-estimates/mid-year-population-estimates/mid-2015-and-corrected-mid-2012-to-mid-2014/mid-2012-mid-2013-and-mid-2014-corrected-tables
https://www.nrscotland.gov.uk/statistics-and-data/statistics/statistics-by-theme/population/population-estimates/mid-year-population-estimates/mid-2015-and-corrected-mid-2012-to-mid-2014/mid-2012-mid-2013-and-mid-2014-corrected-tables
https://www.nrscotland.gov.uk/statistics-and-data/statistics/statistics-by-theme/population/population-estimates/mid-year-population-estimates/mid-2015-and-corrected-mid-2012-to-mid-2014/mid-2012-mid-2013-and-mid-2014-corrected-tables
https://www.nrscotland.gov.uk/statistics-and-data/statistics/statistics-by-theme/population/population-estimates/mid-year-population-estimates/mid-2015-and-corrected-mid-2012-to-mid-2014/mid-2012-mid-2013-and-mid-2014-corrected-tables
https://www.nrscotland.gov.uk/statistics-and-data/statistics/statistics-by-theme/population/population-estimates/mid-year-population-estimates/mid-2015-and-corrected-mid-2012-to-mid-2014/mid-2012-mid-2013-and-mid-2014-corrected-tables
https://www.nrscotland.gov.uk/statistics-and-data/statistics/statistics-by-theme/population/population-estimates/mid-year-population-estimates/mid-2015-and-corrected-mid-2012-to-mid-2014/mid-2012-mid-2013-and-mid-2014-corrected-tables
http://www.ndc.scot.nhs.uk/Data-Dictionary/SMR-Datasets/
http://www.ndc.scot.nhs.uk/Data-Dictionary/SMR-Datasets/
http://www.isdscotland.org/
http://www.gov.scot/Topics/Statistics/SIMD
http://www.gov.scot/Topics/Statistics/SIMD
http://www.gov.scot/Topics/Statistics/About/Methodology/UrbanRuralClassification
http://www.gov.scot/Topics/Statistics/About/Methodology/UrbanRuralClassification
http://www.gov.scot/Topics/Statistics/About/Methodology/UrbanRuralClassification
http://www.abdn.ac.uk/iahs/facilities/grampian-data-safe-haven.php
http://www.abdn.ac.uk/iahs/facilities/grampian-data-safe-haven.php
https://doi.org/10.1177/1077558706287042
https://doi.org/10.1136/bmjopen-2015-010126
https://doi.org/10.1136/bmjopen-2015-010126
https://doi.org/10.1016/j.jclinepi.2005.12.013
https://doi.org/10.1016/j.jclinepi.2005.12.013


Robertson, L et. al. / International Journal of Population Data Science (2019) 4:1:02

51. Chen JS, Roberts CL, Simpson JM, Ford JB. Use of
hospitalisation history (lookback) to determine preva-
lence of chronic diseases: impact on modelling of risk
factors for haemorrhage in pregnancy. BMC Med Res
Methodol 2011 May 17;11:68-2288-11-68. https://
doi.org/10.1186/1471-2288-11-68

52. Information Services Division Scotland. Data
Quality Assurance. Available at: http://
www.isdscotland.org/Products-and-Services/
Data-Quality/Assessments/. Accessed February,
2018.

53. Scotland’s Census. Standard outputs. Avail-
able at: http://www.scotlandscensus.gov.uk/
ods-web/standard-outputs.html. Accessed Octo-
ber, 2017.

54. Johnston MC, Crilly M, Black C, Prescott GJ, Mer-
cer SW. Defining and measuring multimorbidity: a
systematic review of systematic reviews. Eur J Pub-
lic Health 2018 Jun 5. https://doi.org/10.1093/
eurpub/cky098

Abbreviations
AIC Akaike information criterion
BIC Bayesian information criterion
CHI Community Health Index
CI Confidence interval
CIS Continuous inpatient stay
DaSH Data Safe Haven
ICD International Classification of Diseases
IQR Interquartile range
IRR Incident rate ratio
OR Odds ratio
SMR Scottish Morbidity Record
SIMD Scottish Index of Multiple Deprivation

9

https://doi.org/10.1186/1471-2288-11-68
https://doi.org/10.1186/1471-2288-11-68
http://www.isdscotland.org/Products-and-Services/Data-Quality/Assessments/
http://www.isdscotland.org/Products-and-Services/Data-Quality/Assessments/
http://www.isdscotland.org/Products-and-Services/Data-Quality/Assessments/
http://www.scotlandscensus.gov.uk/ods-web/standard-outputs.html
http://www.scotlandscensus.gov.uk/ods-web/standard-outputs.html
https://doi.org/10.1093/eurpub/cky098
https://doi.org/10.1093/eurpub/cky098


Robertson, L et. al. / International Journal of Population Data Science (2019) 4:1:02

Figure 1: Overview of study design

Study year
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Data: 
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Analysis:

Identify conditions 
from admissions 

during 5 years prior 
to index admission

(SMR01 and SMR04)

All adults admitted 
as inpatient during 

2014 (SMR01)
First admission = 
index admission

Assess mortality 
and readmission 

over 1 year follow-
up from index 

admission

SMR, Scottish Morbidity Record (SMR01 general/acute, SMR04 psychiatric)

Figure 2: Flowchart of study population and data linkage

SMR, Scottish Morbidity Record; SIMD, Scottish Index of Multiple Deprivation aCHI number was missing or invalid for 662
inpatient general/acute admissions in 2014 (patients ≥18 years), therefore not included in the study population.
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Table 1: Baseline characteristics and prevalence of multimorbidity by two measures

Total Charlson ≥2 conditions Tonelli ≥2 conditions

n (%) % (95% CI) % (95% CI)

All patients 41,545 15.1% (14.8-15.5) 27.4% (27.0-27.8)
Sex

Male 19,677 (47.4%) 16.5% (16.0-17.0) 27.1% (26.4-27.7)
Female 21,868 (52.6%) 13.9% (13.5-14.4) 27.7% (27.1-28.3)

Age groups
18-29 4,677 (11.3%) 1.1% (0.8-1.4) 5.9% (5.3-6.6)
30-44 5,932 (14.3%) 3.7% (3.2-4.2) 11.0% (10.3-11.9)
45-59 8,671 (20.9%) 8.4% (7.8-9.0) 19.0% (18.2-19.8)
60-74 11,160 (26.9%) 19.3% (18.6-20.1) 32.8% (31.9-33.7)
75-89 9,705 (23.4%) 28.3% (27.4-29.2) 45.8% (44.8-46.8)
≥90 1,400 (3.4%) 28.0% (25.7-30.4) 50.1% (47.5-52.8)

Admission type
Routine 12,754 (30.7%) 11.3% (10.7-11.8) 22.6% (21.9-23.4)
Emergency 28,791 (69.3%) 16.9% (16.4-17.3) 29.5% (29.0-30.1)

SIMD 2012a

1 (most deprived) 3,317 (8.0%) 15.2% (14.0-16.5) 28.7% (27.2-30.3)
2 6,279 (15.1%) 16.3% (15.4-17.2) 29.2% (28.1-30.4)
3 9,886 (23.8%) 15.8% (15.1-16.5) 28.7% (27.8-29.6)
4 10,792 (26.0%) 15.0% (14.3-15.7) 26.6% (25.8-27.5)
5 (least deprived) 10,957 (26.4%) 14.3% (13.6-14.9) 26.0% (25.2-26.9)

Urban Rurala
Large urban 15,577 (37.5%) 15.8% (15.2-16.3) 28.8% (28.1-29.5)
Other urban 6,329 (15.2%) 16.1% (15.2-17.0) 29.1% (28.0-30.2)
Accessible small town 3,329 (8.0%) 16.6% (15.3-17.9) 27.8% (26.3-29.3)
Remote small town 3,719 (9.0%) 15.5% (14.4-16.7) 28.3% (26.9-29.8)
Accessible rural 7,484 (18.0%) 14.7% (13.9-15.5) 26.7% (25.7-27.7)
Remote rural 4,531 (10.9%) 12.0% (11.1-13.0) 22.0% (20.9-23.3)

Admitted in previous 5 years
Yes 26,780 (64.5%)
No 14,765 (35.5%)

Number of Charlson conditions
0 27,560 (66.3%) - - - -
1 7,697 (18.5%) - - - -
2 3,867 (9.3%) - - - -
3 1,578 (3.8%) - - - -
4 578 (1.4%) - - - -
5 195 (0.5%) - - - -
6 61 (0.1%) - - - -
7 9 (0.0%) - - - -

Number of Tonelli conditions
0 22,884 (55.1%) - - - -
1 7,272 (17.5%) - - - -
2 5,173 (12.5%) - - - -
3 3,241 (7.8%) - - - -
4 1,665 (4.0%) - - - -
5 783 (1.9%) - - - -
6 357 (0.9%) - - - -
7 100 (0.2%) - - - -
8 56 (0.1%) - - - -
9 9 (0.0%) - - - -
10+ 5 (0.0%) - - - -

Length of stay, days (median, IQR) 2 (1-6) 3 (1-8) 3 (1-8)
Readmission within 1 year of discharge, n (%) 18,318 (44.1%) 3,976 (63.2%) 6,861 (60.2%)
Died within 1 year of index date, n (%) 4,619 (11.1%) 1,860 (29.6%) 2,431 (21.3%)

CI, confidence interval; SIMD, Scottish Index of Multiple Deprivation; IQR, interquartile range. a 314 patients had missing values
for SIMD category and 576 patients had missing values for Urban Rural category.
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Figure 3: Prevalence of multimorbidity by age and sex

Percent with ≥2 Charlson conditions
18-29 30-44 45-59 60-74* 75-89* ≥90*

Male 1.0% 3.2% 8.3% 21.0% 32.2% 31.5%
Female 1.1% 4.1% 8.5% 17.6% 25.0% 26.2%

Percent with ≥2 Tonelli conditions
18-29 30-44* 45-59* 60-74 75-89 ≥90

Male 5.8% 9.3% 17.5% 33.0% 46.5% 51.5%
Female 6.0% 12.5% 20.5% 32.6% 45.3% 49.5%

* difference between genders by age group p<0.05.
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Table 2: Agreement between Tonelli and Charlson

Group Total Agreement Discordant Agreement Kappa

Charlson <2 Charlson ≥2 Charlson <2 Charlson ≥2
Tonelli <2 Tonelli ≥2 Tonelli ≥2 Tonelli <2 %
n % n % n % n %

Total 41,545 29,620 (71.3) 5,752 (13.8) 5,637 (13.6) 536 (1.3) 85.14 0.57
Sex

Males 19,677 14,024 (71.3) 2,915 (14.8) 2,408 (12.2) 330 (1.7) 86.09 0.60
Females 21,868 15,596 (71.3) 2,837 (13.0) 3,229 (14.8) 206 (0.9) 84.29 0.54

Age group
Age <75 30,440 23,884 (78.5) 2,838 (9.3) 3,403 (11.2) 315 (1.0) 87.79 0.54
Age ≥75 11,105 5,736 (51.6) 2,914 (26.2) 2,234 (20.1) 221 (2.0) 77.89 0.54

Table 3: Association between multimorbidity and length of stay, readmission and mortality

Total Length of stay Readmitted 1 year from
discharge datea

Died 1 year from index
dateb

n median (IQR) adjusted IRR Number adjusted OR Number adjusted OR
(95% CI) readmitted (95% CI) died (95% CI)

Charlson
<2 conditions 35,257 2 (1-5) Reference 14,342 Reference 2,759 Reference
≥2 conditions 6,288 3 (1-8) 1.1 (1.0, 1.2)* 3,976 2.1 (1.9, 2.2)** 1,860 2.7 (2.5, 2.9)**

Tonelli
<2 conditions 30,156 2 (1-5) Reference 11,457 Reference 2,188 Reference
≥2 conditions 11,389 3 (1-8) 1.1 (1.0, 1.2)*** 6,861 2.1 (2.0, 2.2)** 2,431 1.8 (1.7, 2.0)**

IQR, interquartile range; IRR, incident rate ratio; OR, odds ratio; CI, confidence interval. a 9 patients did not have a full year of
follow-up data from discharge date to 31 October 2016, of whom 2 were readmitted, and 7 were not readmitted up to 31 October
2016.
b 1,403 patients died during index admission and 3,216 died following index admission but within 1 year of index date.
* p=0.005
** p<0.001
*** p=0.001

Notes:
All models adjusted for age, sex, type of admission (routine or emergency), SIMD quintile and Urban Rural category.
621 patients had missing values for SIMD and/or Urban Rural category, therefore not included in the adjusted models.
Model fit for Length of Stay: Charlson AIC 230767, BIC 230896; Tonelli AIC 230748, BIC 230877
Model fit for Readmission: Charlson Cox & Snell 0.039, Nagelkerke 0.053; Tonelli Cox & Snell 0.048, Nagelkerke 0.064
Model fit for Mortality: Charlson Cox & Snell 0.140, Nagelkerke 0.278; Tonelli Cox & Snell 0.132, Nagelkerke 0.261
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